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ABSTRACT 
Poverty is a complex and multidimensional problem, so an approach is needed to 
complement the unidimensional monetary measurement currently used, especially in 
agricultural households which have always been associated with poverty. The measurement 
is intended to see the condition of agricultural household poverty in South Kalimantan in 
various non-monetary dimensions, in multidimensional poverty. The formation of a 
Multidimensional Poverty Index (MPI) is carried out using the Alkire-Foster method on the 
Susenas 2021 data, using 3 dimensions: health, education, and living standards, with 10 
indicators. Meanwhile, to analyze the socio-demographic trend towards the incidence of 
multidimensional poverty in agricultural households, binary logistic regression was used. 
From the analysis, it is found that the biggest contributor to the multidimensional poverty 
level is the health dimension, followed by the standard of living and education dimensions. 
Then from the results of testing socio-demographic factors, it was found that there were five 
independent variables (regional classification, age of household head, education of 
household head, number of household members, and business fields of household head) 
which significantly affected the multidimensional poverty status of agricultural households in 
South Kalimantan. 
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Poverty is a problem and the main focus of development. Efforts to reduce poverty 
globally have become a commitment and have been agreed upon by every country around 
the world in the Sustainable Development Goals (SDGs) for the 2015-2030. Even the SDGs 
make poverty alleviation points (No Poverty "End Poverty in all its forms everywhere) as its 
first goal. Poverty is defined as a condition in which a person is unable to fulfill his basic 
rights to maintain and develop a dignified life (Bappenas, 2018). 

The problem of poverty is always related to the agricultural sector. Todaro and Smith 
(2011) also make valid generalizations about poverty, that most of the poor live in rural 
areas, and their main activity is in the agricultural sector. This is proved by BPS data (2021) 
where 51.33 percent of poor households in Indonesia have the main source of income in the 
agricultural sector. 

South Kalimantan is one of province in Indonesia which makes the agricultural sector a 
vital sector in its economy. The importance of the role of the agricultural sector in the 
economy is reflected in the value of the Gross Regional Domestic Product (GDP) in 2021, in 
which the agricultural sector is the second largest contributor (13.74 percent) after the mining 
and quarrying sector. In addition, the agricultural sector is the sector that absorbs the most 
labor in South Kalimantan. In 2021 the agricultural sector will even be able to absorb as 
much as 31.87 percent of the workforce. This is because most of the The people of South 
Kalimantan make agriculture their main source of livelihood. 

If the poverty of South Kalimantan is seen in aggregate, the percentage of poor people 
has increased in the last two years, in 2020 by 4.38 percent, increasing to 4.83 percent in 
2021. Among these percentages, the majority come from agricultural households. This is 
supported by BPS data, that there are 36.33 percent in 2020 and 38.41 percent in 2021 poor 
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households in South Kalimantan have the main source of income in the agricultural sector. 
The poverty rate is still considered high, especially in agricultural households, even 

though the government has always tried to promote poverty alleviation programs including 
general programs such as the Smart Indonesia Program (PIP), the National Health Insurance 
Program (JKN-KIS), Family Hope Program (PKH), and Rastra Social Assistance/Non-Cash 
Food Assistance (BPNT); as well as programs specifically for the agricultural sector such as 
the Alsintan Program, the Development Program Food Crops and Horticulture (TPH), etc. 
But the program results isn’t optimal because of the incompleteness of the poverty 
measurement system that using an unidimensional measurement (monetary/economic) even 
though poverty is multidimensional. 

So far, the measurement of poverty only comes from a single dimension 
(unidimensional) in the form of: monetary dimension (approach to household expenditures), 
even though poverty has complex and multidimensional. Behind the ease of operation, 
monetary poverty reaps Some criticisms include Sen (1980) who considers that the poverty 
approach with using monetary analysis only captures a small part of the magnitude of the 
problem poverty. Added by Muro et al., (2011) that the existence of data on economic growth 
at the national level, it is not in line with the decrease in poverty and unemployment rates in 
developing countries directly. 

Therefore, this study wants to establish a multidimensional poverty measurement in 
order to get a broader picture of poverty conditions (multidimensional) so as to complement 
the monetary poverty data, especially agricultural households in South Kalimantan. The 
research uses the Alkire-Foster method and maps it according to the incidence of 
multidimensional poverty so that it can be used as a policy recommendation to reduce 
poverty (in general). As well as identifying the socio-demographic factors that most influence 
the multidimensional poverty status of agricultural households, in order to obtain information 
related to the characteristics of households at risk for multidimensional poverty, so that the 
policies implemented are more precise and targeted (specifically). 

In this context, the main aim of this study is (1) analyze and map the Multidimensional 
Poverty Index of agricultural households in districts/cities in South Kalimantan; (2) analyze 
the socio-demographic factors that have an influence on the multidimensional poverty status 
of agricultural households in South Kalimantan. 
 

METHODS OF RESEARCH 
 

This research was conducted in South Kalimantan, starting from January until May 
2022. This study used secondary data, Susenas KOR and Consumption Module 2021 South 
Kalimantan compiled by Statistic Indonesia (BPS). Susenas data is cross section with 
household unit sampling. From the total Susenas sample of 8,300 households, the 
households were further divided as desired, the sample of 3,676 agricultural households 
spread over 13 districts/cities. The concept of agricultural household was obtained from the 
2013 Agricultural Indonesia Census, Agriculture Household Survey 2020 and Eurostat IAHS 
Statistic 2003. Agricultural household is a household in which at least one person works in 
agricultural sector. The scope of agriculture includes the sub-sectors of food crop agriculture, 
horticultural crops, plantation crops, fisheries, animal husbandry, forestry and other 
agriculture. 

Alkire Foster's Method. This poverty measurement is formed through various aspects 
to see the different characteristics of poverty and the causes of poverty. MPI is formed from 
three dimensions: education, health, and living standard and ten indicators. This study also 
uses ten indicators (Figure 1). There are 3 measures commonly used in measuring 
multidimensional poverty: H, A, and 𝑀0. First, the multidimensional poverty rate (H) which 
can be interpreted as the percentage of the population experiencing multidimensional 
poverty. Second, the intensity of multidimensional poverty (A), the average number of 
deprivation indicators experienced by the multidimensional poor. The third measure is the 
multidimensional poverty index (𝑀0). To calculate and measure multidimensional poverty is 
carried out by applying the Alkire-Foster method. 
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Figure 1 – Dimensions and indicators forming MPI 

 
The stages in the Alkire-Foster method can be described into 12 steps (Alkire and 

Foster, 2009): 
1. Choosing the unit of analysis. This study using the household unit of analysis; 
2. Selecting the dimension of poverty. This study uses three dimensions, health, 

education, and living standard; 
3. Selecting poverty indicators and determining the weight of the indicators. The method 

of weighting is the average of each dimension and indicator; 
4. Determining the first cut-off (first poverty) for each indicator (Appendix 1); 
5. Apply the first poverty line to the indicators for each household; 
6. Calculating the amount of deprivation for each unit of analysis; 
7. Determine second cut-off/ second poverty line (k) to indicate multidimensional poor 

households k = 0.333 where households must be deprived at least 33 percent of the 
total deprivation indicators to be categorized as poor in a multidimensional manner; 

8. Applying the second poverty line to obtain a multidimensional set of poor households; 
9. Calculating the multidimensional poverty rate (H) which is the percentage of 

households categorized as multidimensional poor. 𝐻 =
𝑞

n
 where q is the number of 

households categorized as multidimensional poor, while n is the total household 
population; 

10. Calculating the multidimensional poverty intensity (A) which is the average 

deprivation that experienced by multidimensional poor households. A =
∑ 𝑐𝑖𝑘 𝑝

𝑞
𝑖=1

𝑞
 

where: is the total individual deprivation multidimensional poor, p is household 
members, q is the number of poor people (number of poor multidimensional 
household members); 

11. Calculating the Multidimensional Poverty Index (𝑀0) which is a combination of H and 
A. 

 
𝑀0 = 𝐻 𝑥 𝐴 

 
12. Decomposing based on population groups or based on dimensions according to the 

needs of the analysis. In this study, the contribution of each dimension and indicator 
in MPI will be analyzed. 

Binary Logistics Regression Method. To determine what factors influence the 
multidimensional poverty status of agricultural households, a test was conducted using 
binary logistic regression. Binary logistic regression is a mathematical model that can 
describe the relationship between several independent variables (X) with a 
dichotomous/binary dependent variable (Y). The data to be analyzed in this section is related 
to the dependent variable (multidimensional poverty status) and independent variables 
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(region classification, gender of household head, age of household head, education of 
household head, number of household members, land ownership and business field of 
household head). 

Likelihood ratio test is used to simultaneously test whether the explanatory variables 
together can affect the response variables (Hosmer and Lemenshow, 2000). The hypothesis 
used is 𝐻0 : β1 =  β2 = ⋯ = β𝑣 = 0 (There is no significant effect of the independent variable 

simultaneously on the dependent variable), and 𝐻1 : there is at least one β𝑣 ≠ 0 (there is at 

least one explanatory variable i which has a significant effect on the response variable) with i 

= 1,...,v where v is the number of independent variables. The statistics used are 𝐺 = −2ln
𝐿0

𝐿1
. 

The test statistic will reject 𝐻0  if 𝐺 > 𝑋2 (v,α) or p-value < α. In other words, there is at least 
one independent variable i which has a significant effect on the dependent variable. 

Wald's statistic is used to partially test the effect of the independent variable. The 
hypotheses used are 𝐻0 : β𝑣 = 0 (the i-independent variable has no significant effect on the 

dependent variable) and 𝐻1 : β𝑣 ≠ 0 (the i-independent variable has a significant effect on the 

dependent variable) with i = 1,...,v. The statistics used are 𝑊 =
β̂j

SE(𝛽𝑗)̂
. The test statistic will 

reject 𝐻0  if 𝑊2 > 𝑋2(v,α) or p-value< α. In other words, the i-th independent variable has a 
significant effect on the dependent variable. 

To test the suitability of the model to find out whether there is a difference between the 
results of the observations and the predictions of the model that has been formed. To test the 
suitability of the statistical test used Hosmer and Lemeshow (Hosmer and Lemeshow, 2000). 

The hypotheses used are 𝐻0 : Model fit and 𝐻1 : Model does not fit. The statistic used is Ĉ =

∑
(𝑂ℎ−𝑛ℎ�̅�ℎ)2

𝑛ℎ�̅�ℎ (1−�̅�ℎ)

𝑔
ℎ=1 . with: g the number of groups, 𝑂ℎ  the number of values of the dependent 

variable, �̅�ℎestimated average probability, 𝑛ℎ the number of subjects in group h. The statistic 

is rejected if �̂�> χ2 (α, v-2) or p-value < α. In this test, it is expected that the decision will fail to 
reject 𝐻0  so that the model formed is fit. 

Last step is the odds ratio which is a measure to determine the tendency of a certain 
event between categories in one variable, to see how much the independent variable tends 
to affect the dependent variable. The odds ratio value is obtained from the exponential value 
of β. 
 

RESULTS AND DISCUSSION 
 

Multidimentional Poverty Profile. Providing multidimensional poverty data at the 
national and provincial levels, multidimensional poverty measures can also be broken down 
by district/city to show in-depth disparities in agricultural household poverty within each area. 
The figure used is a multidimensional measure of poverty because comparisons can be 
made between regions to determine priority areas in regional development and distribution of 
poverty assistance. 
 
Table 1 – Multidimensional poverty measurement of agricultural households in South Kalimantan 2021 
 

District/city H (%) A (%) 
MPI 
M0 

Tanah Laut 10.53 42.88 0.045 
Kotabaru 11.71 39.80 0.047 
Banjar 8.42 42.05 0.035 
Barito Kuala 11.76 53.00 0.062 
Tapin 10.04 42.37 0.043 
Hulu Sungai Selatan 14.33 40.12 0.057 
Hulu Sungai Tengah 14.43 40.30 0.058 
Hulu Sungai Utara 16.96 39.90 0.068 
Tabalong 17.88 41.18 0.074 
Tanah Bumbu 10.81 41.02 0.044 
Balangan 12.53 40.11 0.050 
Banjarmasin 11.04 41.00 0.045 
Banjar Baru 8.54 40.68 0.035 
South Kalimantan 9.20 43.52 0.040 
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Table 2 – First cut-off of MPI indicators in agricultural households in South Kalimantan 
 

Dimensions Indicators First Cut-off 

Health 

Improved 
sanitation 

Code 1: if the household does not have a public, shared, and own toilet. If 
alone or together but do not use a goose-neck toilet or do not use the tank as 
a final disposal site. 
Code 0: other than stated. 

Improved water 

Code 1: if the household has a source of drinking water from unprotected 
wells/springs, rivers, rainwater and others, as well as households accessing 
drilled wells/pumps and protected wells/springs but at a distance to the waste 
collection point/feces less than 10 meters. 
Code 0: other than stated. 

Children nutrition 
Code 1: if the household has children under five (0-5 years) with nutritional 
intake that is less than the standard balanced nutrition intake. 
Code 0: other than stated. 

School 

Education 
sustainability 

Code 1: if the household has school-age children (7-18 years) but never 
attended school or no longer attend school. 
Code 0: other than stated. 

Literacy 
Code 1: if there are members of the household of productive age who are 
unable to read and write (Latin, Arabic and other letters). 
Code 0: other than stated. 

Pre-school 
access 
 

Code 1: if there are household members aged 3-6 years who do not have 
access to preschool education services. 
Code 0: other than stated. 

Living 
Standard 

Electricity 
Code 1: if the household uses a non-PLN (State Electricity Company) and 
non-electricity source of lighting. 
Code 0: other than stated. 

Cooking fuel 
Code 1: if the household uses cooking fuels other than electricity and gas, 
such as kerosene, charcoal, briquettes, and firewood. 
Code 0: other than stated. 

Housing materials 
(roof, wall, floor) 

Code 1: if the house occupied by the household has the type of roof: 
bamboo, wood/shingle, palm fiber/rumbia and others; or type of floor: 
earth/low quality wood/bamboo and others; or the type of wall: 
bamboo/woven bamboo/wooden rods and others. 
Fulfilled if two of the three indicators above exist. 
Code 0: other than stated. 

Asset ownership 

Code 1: If the household does not own a car or a motorboat and does not 
have more than one of the following assets, such as: motorcycles, boats, 
LCD televisions, air conditioners, water heaters, gas cylinders 5.5 kg or more, 
refrigerators/ refrigerator, and telephone. 
Code 0: other than stated. 

 

Source: UNDP-OPHI, Prakarsa, and BPS. 

 
The first poverty indicator is the multidimensional poverty rate (H) which shows the 

large percentage of the poor. Of the total population in agricultural households in South 
Kalimantan spread across 13 districts/cities in 2021, it is estimated that 9.20 percent of them 
live in multidimensional poverty. The number of multidimensional poor people in agricultural 
households in South Kalimantan by district/city has quite diverse values. Tabalong (17.88 
percent), Hulu Sungai Utara (16.96 percent), and Hulu Sungai Tengah (14.43 percent) are 
the regions with the third highest number of multidimensional poor people in South 
Kalimantan. 

The second multidimensional poverty measure is the intensity / severity of 
multidimensional poverty which shows how much percentage of a person's indicators are 
deprived of the selected poverty indicators. The larger A value indicates the greater the 
number of indicator deprivations experienced by the poor. The intensity of multidimensional 
poverty in agricultural households in South Kalimantan by district/city has a value in the 
range of 39 percent to 43 percent for almost all districts/cities. This indicates that each poor 
resident in an agricultural household in South Kalimantan, on average, is deprived of 3 to 4 
indicators out of a total of 10 indicators that make up the MPI. 

The third multidimensional poverty measure is the multidimensional poverty indicator 
(𝑀0 ) which shows the multidimensional poverty level that has been adjusted for the 
multidimensional poverty severity level (A). The Multidimensional Poverty Index (MPI) shows 
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the typology of poverty in terms of the number of poor people and the severity of poverty 
experienced. From the calculation of the multidimensional poverty index by district/city, 
almost all of them have a multidimensional poverty index of agricultural households which is 
much higher than the provincial poverty index of 0.040. The poverty index value of 0.040 
indicates that the multidimensional poor in agricultural households in South Kalimantan 
experienced 4.00 percent of the total deprivation that would be experienced if all residents 
were deprived in all indicators making up the MPI. 
 

 
 

Figure 2 – Contribution of dimensions and indicators to MPI agricultural households 
in South Kalimantan, 2021 

 
Deprivation Multidimensional Poverty (Dimensions and Indicators). The multi-

dimensional poverty index can be used to determine the role of each dimension and indicator 
in poverty and to identify priority areas for sustainable poverty alleviation. To achieve this 
goal, the contribution of each dimension and indicator was calculated and the regional 
classification of South Kalimantan, especially in agricultural households, was carried out as a 
focus for poverty alleviation. 

In Figure 2 it can be seen that in 2021, the health dimension is the main deprivation of 
multidimensional poverty that is dominant in agricultural households in South Kalimantan. 
Then there is the standard of living dimension, and the last dimension is education which 
gives the smallest contribution to multidimensional poverty. 

Indicators of improved water (clean water), improved sanitation, and asset ownership 
are the main deprivations indicators of the causes of multidimensional poverty in almost all 
districts/cities. Great contribution the clean water indicator in the poverty index shows the 
lack of household access to get clean water. The problem of clean water is still a major 
problem since the first. Even clean water is set in one of the SDG's goals for efforts to 
eradicate poverty and transforming the economy through sustainable development, with one 
of the main focuses being on the availability of clean water which is the basis of life 
(Bappenas, 2019). 
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Comparison monetary and multidimensional poverty measurement. In multidimensional 
poverty measure, the poverty rate shows the percentage of the number of multidimensional 
poor people or people who are deprived in the dimensions of health, education, and a decent 
standard of living to the total residents in agricultural households. Meanwhile, the monetary 
poverty rate shows the percentage of the number of poor people, especially agricultural 
households that fall into the food and non-food poverty line set by BPS. The difference 
between these two methods lies in the calculations carried out, BPS looks at the 
expenditures made to meet the needs of a multidimensional household, while the Alkire 
Foster method looks at the ability of households to access education, health, and living 
standards. Comparing the results of the calculation of the multidimensional poverty rate with 
the monetary poverty rate is useful to see the phenomenon of poverty in agricultural 
households in more depth. 
 

 
 

Figure 3 – Multidimensional and monetary poverty rate of agricultural households in South Kalimantan, 
2021 

 
Analyzed by area in Figure 3, the overall percentage of multidimensional poverty in 13 

districts/cities is always higher than the monetary poverty rate. This indicates that there are 
people who are not identified as poor in monetary terms but are still experiencing deprivation 
in various other dimensions of poverty. Tabalong has the first rank as the highest poverty 
rate (percentage of poor population) both in the monetary poverty category of 6.90 percent 
and multidimensional poverty 17,88 percent. Tabalong also has the largest gap between 
monetary poverty and multidimensional poverty. This means that even though the condition 
of poor people in these areas is better in terms of income, there are still problems of 
multidimensional poverty where the poor have not yet obtained basic rights such as 
education, health and a decent standard of living. The next district that has the second 
highest poverty rate is Hulu Sungai Utara. These two areas can become the main focus 
areas in the poverty alleviation program in South Kalimantan. 

Spatial Poverty Analysis. The use of maps as a spatial analysis of poverty makes it 
easy to observe the incidence of poverty between regions. The making of this spatial map is 
based on multidimensional poverty index data in 13 districts/cities in South Kalimantan. The 
index categorization will range from 0 to 1, which also refers to the concept of index category 
division by BPS. The category of multidimensional poverty index in agricultural households is 
divided into five categories. The details of the categories are very low (< 0.050), low (0.050-
0.149), moderate (0.150-0.249), high (0.250-0.349), and very high (≥ 0.350). 
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Figure 4 – Map of the distribution of the Multidimensional Poverty Index (MPI) in South Kalimantan, 
2021 

 
In Figure 4 regarding the multidimensional poverty index in agricultural households, the 

majority of districts have a multidimensional poverty index level in the very low category or at 
values less than 0.050. Several districts that have a low poverty rate category with a value of 
0.050 to 0.149 include: Barito Kuala, Hulu Sungai Selatan, Hulu Sungai Tengah, Hulu Sungai 
Utara, Tabalong and Balangan. This indicates that the multidimensional poor in agricultural 
households in the 6 districts experienced 5.00 to 14.99 percent of the total deprivation that 
would be experienced if all residents were deprived in all indicators making up the MPI. 

The Socio-Demographic Factors on Multidimensional Poverty. Binary logistic 
regression was used to analyze socio-demographic trends towards the incidence of 
multidimensional poverty in agricultural households. The independent variables (region 
classification, gender of household head, age of household head, education of household 
head, number of household members, land ownership and business field of household head) 
were tested to see its effect on the dependent variable (multidimensional poverty status) of 
the agricultural household. The results of the binary logistic regression test are in Table 3. 
 

Table 3 – Partial significance test 
 

Variable β Wald P-value (Sig) Exp(β) Conclusion 

Constant -3.43 255.0 0.00 0.03 Reject H0 
Region classification 1.75 66.2 0.00 1.17 Reject H0 
Gender of household head 0.31 2.2 0.13 1.36 Failed to reject H0 
Age of household head 0.31 4.4 0.03 1.37 Reject H0 
Education of household head 0.57 12.7 0.00 1.77 Reject H0 
Number of household members 1.65 108.6 0.00 5.22 Reject H0 
Land ownership 0.17 0.7 0.38 1.19 Failed to reject H0 
Business field of household head 2.66 303.85 0.00 14.30 Reject H0 

 
From the results of the wald statistical test above, the value of the wald statistic test is 

greater than χ2 (0.05, 1) = 3.481 or p-value less than α = 0.05 is in the area classification 
(X1), the age of household head (X3), the education of household head (X4), the number of 

household members (X5), and the business field of household head (X7), so that these five 
independent variables have a reject H0 decision, this indicates that there are five variables 
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that significantly influence the incidence of multidimensional poverty in agricultural 
households. Meanwhile, the gender of household head (X2) and land ownership (X6) have no 
significant effect on the incidence of multidimensional poverty. 

The first variable, classification of the area of residence, has a positive effect on 
multidimensional poverty status. This is similar to the research of Murti and Kurniawan 
(2015) which states that there are more poor households in rural areas than in urban areas. 
The value odds ratio of the variable with the reference category is rural at 1.173. This means 
that agricultural households living in rural areas have a 1.173 times higher risk of becoming 
multidimensional poor than agricultural households living in urban areas. Because the 
availability of economic facilities and rapid economic growth in urban areas is a means of 
easy access to employment as a source of household income, so that differences in access 
due to residence affect the existence of poor households in an area. 

The second variable, age of household head, has a positive effect on multidimensional 
poverty status. Based on the results of research conducted by Sugiyono and Sriningsih 
(2018) that the age of household head is very influential on the poverty status of the 
household, because the age of household head who is too young (<15 years) or too old (>64 
years) is considered to have no productivity, enough work, so they are more likely to not be 
able to provide sufficient income for their household. The value odds ratio of the variable with 
the reference category is non-productive age of 1.371. Agricultural households with non-
productive household heads (fewer than 15 years or above 64 years) have a 1.371 times 
higher risk of becoming multidimensional poor than agricultural households with productive 
household heads (between 15-64 years). 

The third variable is the education of household head which has a positive effect on 
multidimensional poverty status. This is similar to Pane's (2013) study which revealed that 
household heads with low education tend to be poorer than those with higher education. The 
value odds ratio of the variable with the reference category is junior high school and below of 
1.773. This means that agricultural households with low education of household head (junior 
high school and below) have a 1.773 times higher risk of becoming multidimensional poor 
than agricultural households with high school education (high school and above). Indirectly 
explaining that the higher a person's education level will differentiate the capacity and 
capability in social life, including business and income matters. 

The fourth variable is the number of household members which has a positive effect on 
multidimensional poverty status. This is similar to the study by Sadiyah (2012) which 
concluded that the number of family members had a significant positive effect on household 
poverty. The value of the odds ratio of the variable with the reference category is more than 
four people at 5,222. This means that agricultural households with a large number of 
household members (more than 4 people) have a tendency to be 5,222 times higher risk of 
becoming multidimensional poor than households, agricultural ladder with a small number of 
household members (maximum 4 people). This is because the greater the number of 
household members will affect consumption or household expenditure will increase the 
tendency of poverty to be higher. 

The last variable is business field of household head that has a positive effect on 
multidimensional poverty status. This is similar to the results of research by Miftahuddin 
(2011) which found that household heads who work in the agricultural sector have a greater 
tendency to be poor than household heads who work in the non-agricultural sector. The 
value odds ratio of the variable with the reference category is the agricultural sector of 
14,303. Agricultural households with household heads who work in the agricultural sector 
have a 14,303 times higher risk of becoming multidimensional poor than agricultural 
households with household heads who worked in the non-agricultural sector. 
 

CONCLUSION 
 

The health dimension is the largest contribution dimension to multidimensional poverty 
in agricultural households in South Kalimantan. The indicators of clean water, asset 
ownership, and sanitation are the main deprivation indicators causing multidimensional 
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poverty in agricultural households in almost all districts/cities in South Kalimantan. This 
makes these dimensions and indicators a priority in efforts to reduce multidimensional 
poverty in South Kalimantan. The percentage of multidimensional poor population is always 
higher in all districts/cities in South Kalimantan, indicating that there are still residents in 
agricultural households who are not identified as poor in monetary terms but experience 
deprivation in various other dimensions of poverty. Areas that need to be the top priority in 
reducing poverty program are Tabalong, Hulu Sungai Utara and Barito Kuala Regencies, all 
of which have the highest multidimensional poverty index values. 

The relationship between socio-demographic factors and the incidence of 
multidimensional poverty in agricultural households in South Kalimantan can be described 
as: there is an influence of several socio-demographic variables (regional classification, age 
of household head, education of household head, number of household members, and 
household business field) on multidimensional poverty of agricultural households in South 
Kalimantan. Business field household head is the variable that has the most influence on the 
multidimensional poverty status of agricultural households, because it has highest odds ratio. 

The South Kalimantan government should not only focus on monetary (economic) 
programs, but also integrate programs to fulfill health, education and living standards. 
Because poverty alleviation is not only related to economic welfare but also to increase 
household capability in accessing vital dimension. The government can adopt a 
multidimensional poverty measure in order to be able to see the poverty deeply in each 
district/city, in order to complement the monetary poverty measure. Considering that each 
region has a different nature and type so that the poverty deprivation (indicator-dimension) 
will be different, and the poverty alleviation policies needed are also different. In order for the 
poverty program to be faster and more targeted, a list of identification related to the 
characteristics of agricultural households that are prioritized to receive assistance is required. 
The character of this agricultural household can be from the classification of the area, the 
age of household head, the education of household head, the number of household 
members, and the business field of household head who has a risk tendency to be poorer. 
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